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(@ TAKEAWAYS / CONCLUSION @ The MLP instantiation of GATD matches or @ Default geometry loss weights

@ Geometry can replace learned attention @ Both column-wise attention and pairwise geometry are 0(d4), but attention requires

@ Explicit relational supervision is a portable

inductive bias for tabular diffusion.

exceeds strong transformer-based
baselines.

(15A, 15L, 8C) transfer across MLP,
GNN, and Transformer denoisers.

as the primary mechanism for
relationship modeling.

many computational operations per step, while geometry is pre-computed at the start
of training, provides similar information, and runs meaningfully faster per epoch.




